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ABSTRACT

Non-alcoholic fatty liver disease (NAFLD) is a manifestation of metabolic syndrome which
may lead to liver cancer. As there has been a recent increase in obesity, NAFLD is a growing
public health concern. In this study, we constructed the microsimulation model for NAFLD
which allows us to estimate the effectiveness of reduction in elevated body mass index (BMI)
and/or cholesterol on the prevalence of NAFLD. The study population was approximately
2,000 Japanese males who were aged 18-69 years and observed from 2012 to 2016. NAFLD
was presented in individuals if the presence of fatty liver was accompanied by the absence or
a little alcohol consumption. The predictor variables and their transition probabilities
manipulating the model for NAFLD were determined by longitudinal multivariate regression
analysis. Forty-year projection for NAFLD in the initial cohort comprised of subjects aged 20-
29 years and they provided the baseline trajectory of the prevalence of NAFLD. Similar
projections were carried out under the various prevention scenarios, followed by the
comparison with the baseline trajectory. The magnitude of the effectiveness was strongly
dependent on the types of measures. If all the population had normal BMIs and/or cholesterol

profiles, the prevalence of NAFLD simply decreased to 3% (aged 60-69 years) while the
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baseline prevalence peaked at 20% (aged 35-44 years) before decreasing to 12% (aged 60-69
years). In contrast, the prevalence of fatty liver including NAFLD simply decreased to reach
a plateau of 8% (aged 30 years or over) while the baseline prevalence peaked at 32% (aged
45-54 years) before decreasing to 29% (aged 60-69 years) in the projection period. Reduction
in the risks of elevated BMI and/or LDL/HDL was predicted to significantly decrease the
prevalence of NAFLD; however, its effectiveness was shown to be insufficient to eliminate
NAFLD. The details on the limitations affecting the prediction of NAFLD outcome were also

presented.
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1. INTRODUCTION

Non-alcoholic liver disease (NAFLD) is a hepatic manifestation of the metabolic syndrome
[1], which can lead to end stage liver diseases including liver cancer [2,3]. Due to pandemic
of obesity and metabolic syndrome, NAFLD is widespread with steadily rising trends in many
countries [4-7]. In Japan as well, NAFLD is becoming the most common form of chronic liver
disease and is a growing public health concern [8-10], when compared with alcoholic liver
disease or virus-induced hepatitis. Due to the absence of subjective symptoms neither no
effective pharmacological therapy is available [11,12], and prevention of NAFLD by
improving lifestyle factors are important [13-15]. Meanwhile, to prevent metabolic syndrome
nationwide in Japan, metabolic screening and health education has been implemented since
2008 [16]. However, little is known about the quantitative effectiveness of the measures on
the outcome of the prevalence of NAFLD.

Recently, health-related microsimulation models have been developed and are being used
focusing on health insurance, medical care expenditure and population disease burden [17-19].
The models, for example, provide information to guide health policy decisions by predicting
trends in disease incidence under alternative health policy scenarios, and comparing the
effectiveness and cost-effectiveness of measures [20,21]. For these purposes, various models
have been developed for the following non-communicable diseases, coronary heart disease,
stroke, type 2 diabetes, obesity, cancer, respiratory diseases, and vascular dementia [22-28].
Simulation models can predict long-term disease outcomes and assess experimentally the
effectiveness of alternative measures. Therefore, simulation studies on chronic diseases are
increasing when compared with cost and time demanding long-term cohort studies on chronic
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diseases. However, no model for NAFLD has been developed to predict the outcome of the

prevalence of NAFLD in association with lifestyle-related risk factors including obesity.

In this study, we have constructed a microsimulation model that predicts the outcome of the
prevalence of NAFLD for Japanese adult males. This model estimates the effectiveness of
reduction in the risks, elevated BMI and/or cholesterol, on the incidence of NAFLD. Our
model was developed using the following scheme: Modelling procedures included specifying
both a model structure and parameters. They were specified by the possible predictor variables
for NAFLD and their update rules. Variable selection and identification of update rules were
performed by longitudinal multivariate regression analysis utilizing the sample source data.
NAFLD projection was carried out utilizing real population data to describe the baseline or
counterfactual trajectory. The obtained trajectories were subsequently compared to estimate

quantitative effectiveness of the measures on the outcome of the prevalence of NAFLD.

We developed an unprecedented model for NAFLD associated with lifestyle related risks,
elevated BMI and/or cholesterol profile. However, to distinguish NAFLD from ALD by
alcohol consumption at each time may not be consistent with histologically confirmed
NAFLD. This problem will be addressed in the discussion section.

2. METHODS

2.1 Study Population

The study population consisted of Japanese adult males aged 18-69 who participated in annual
health examinations, and completed questionnaires regarding their health and lifestyle, which
were observed from 2012 to 2016 (n=1908, 1958, 2046, 2079 and 2269). The entire study
population consisted of employees of Fujikura Ltd., one of the representative manufacturers

in the power & telecommunication industry of Japan.

2.2 Characteristics of the Data

Sample source, a set of all the data from the study population, included the following variables:
demographic variables (age and presence or absence of shift-working), health status variables
(diagnosis of fatty liver, blood pressure, body mass index (BMI) and laboratory variables
(triglyceride (TG), low-density lipoprotein cholesterol (LDL-C), high-density lipoprotein
cholesterol (HDL-C), hemoglobin Alc (HbAlc)), presence or absence of medication for
hypertension, dyslipidemia or insulin resistance and lifestyle variables (presence or absence
of regular exercise and amount and frequency of alcohol consumption). We describe
LDL/HDL, the ratio of LDL-C to HDL-C, hereafter.

The diagnosis of fatty liver was carried out by physicians on ultrasonography [29]. Blood
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pressure, BMI and laboratory data were measured by standard procedures. Medication, regular
exercise and amount and frequency of alcohol consumption were self-reported. For example,
if the alcoholic beverage was other than Japanese sake, the gross alcohol consumption was

converted to the amount of Japanese sake with equal alcohol content.

Alcohol consumption was measured as the mean ethanol consumption per day, given by the

following equation (1):

Alcohol consumption (g/day) = 180 * m * 0.15 * n/7 (1)

where m=1, 1.5, 2.5 and 3 if the consumption of Japanese sake (ml/day) is “less than 180",
“180-less than 3607, “360-less than 540” or “540 or over”, respectively, and n=7, 3.5 and 0 if

% ¢

the frequency of drinking alcohol is “every day”, “often” or “seldom or never”, respectively.

2.3 Diagnosis of NAFLD
According to the guidelines for the diagnosis of NAFLD [30], the NAFLD cases were

identified as fatty liver with a history of absence or a little amount of alcohol consumption
(less than 30 g/day). The cases of fatty liver with elevated alcohol consumption (30g/day or
over) was included in alcoholic liver disease (ALD) cases [30]. Patients who had viral
infection-induced liver disease, “hepatitis B or hepatitis C”, and/or history of pancreatectomy

were also excluded [30].

Projection for NAFLD required initial values including presence or absence of fatty liver,
however, no diagnosis of fatty liver was available for individuals of the initial cohort aged 20-
29 years as they did not participate in the fatty liver screening. Prior to projection, we predicted
the presence or absence of fatty liver in individuals in the initial cohort by applying criteria

obtained in the population aged 30-69 years.

2.4 Construction of the model

2.4.1 Identification of Predictor Variables and their Update Rules

Our longitudinal study revealed that BMI, LDL/HDL, age, presence or absence of fatty liver
and alcohol consumption were the potential predictor variables for NAFLD model (Figure 1).
The equations to update each predictor variable for NAFLD model were also provided. (Figure

2). (These methods are similar to our previous study which is now under review)

2.4.2 Model Structures

Annual updates of the presence or absence of NAFLD were conducted in the following two
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steps, the presence or absence of fatty liver and alcohol consumption was annually updated
separately, which was followed by judging if the presence of fatty liver was accompanied by
the absence or a little alcohol consumption (less than 30 g/day). Therefore, the predictive
model for NAFLD comprised of the predictive model for fatty liver and the predictive model
for alcohol consumption because NAFLD is determined by the combination of presence or
absence of fatty liver and alcohol consumption [7]. Furthermore, the predictive model for fatty
liver included sub-models for the risk factors, BMI or LDL/HDL (Figure 2). Those obtained

were closed models where no demographic ins and outs were allowed.

2.4.3 Cohort Setting and Projection

Two types of theoretical cohorts, a validation cohort and an initial cohort, were established.
The validation cohort (n=932) comprised of Japanese adult males aged 30-69 years from the
sample source. Using the data in 2012 from the validation cohort, the prevalence of NAFLD
was predicted in each year from 2013 to 2016, which was followed by comparison with
observed prevalence. At the same time, the predictor variables, BMI (kg/m?) (=0 if <25, =1 if
=25), LDL/HDL (=0 if < 2.0, =1 if =2.0) and alcohol consumption (g/day) (=0 if < 30, =1
if =30), were also projected and described. This description included the proportion of
obesity, dyslipidemia and alcohol drinkers, respectively. These obtained trajectories were
subsequently compared with the observed ones. The trajectory of the calculated prevalence
was given by the means which were generated in the 10-times Monte Carlo simulations for all
the individuals at every year step. The obtained means were described with error bars

indicating the mean + 2SDs.

The initial cohort (n=1000) comprised of Japanese adult males randomly selected from the
study population aged 20-29 from 2012 to 2016. The prevalence of NAFLD was projected for
40 years to describe the life-course pattern (from 20 to 69 years old) of the baseline prevalence
of NAFLD. Furthermore, NAFLD projection for the initial cohort was conducted under
various prevention scenarios, which were followed by a comparison with the baseline
prevalence of NAFLD to estimate quantitative effectiveness of the measures against NAFLD.

Five types of prevention scenarios were assumed:

(a) intervention performed for all the population, 100% of future obesity and dyslipidemia
incidents prevented completely

(b) intervention performed for only the population at risk, 100% of future obesity and
dyslipidemia incidents prevented

(c) intervention performed for only the population at risk, 50% of future obesity and
dyslipidemia incidents prevented

(d) intervention performed for only the population at risk, 10% of future obesity and
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dyslipidemia incidents prevented
(e) intervention performed for all obese population, stochastic reduction in BMIs of

individuals by -1.1222.6 (kg/m?) in the next year step

For each scenario, simulation was conducted in the following rules.

(a) If updated BMI and/or LDL/HDL were the cut-off values or over in individuals, 100% of
them were supposed to have 24.9 of BMI and/or 1.9 of LDL/HDL

(b) If the subjects at risk of elevated BMI and/or LDL/HDL, all of them were supposed to have
24.9 of BMI and/or 1.9 of LDL/HDL in the next year step

(c) If the subjects at risk of elevated BMI and/or LDL/HDL, 50% of them were randomly
supposed to have 24.9 of BMI and/or 1.9 of LDL/HDL in the next year step

(d) If the subjects at risk of elevated BMI and/or LDL/HDL, 10% of them were randomly
supposed to have 24.9 of BMI and/or 1.9 of LDL/HDL in the next year step

(e) If the subjects at risk of elevated BMI, 100% of them were supposed to have reduced BMI

by random real number with N (-1.1, 2.6%) in the next year step.
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2.4.4 Performing Monte Carlo Simulations

All the simulation was performed using mathematical software, “Mathematica 11.0”. The
outcome of the presence of fatty liver was predicted by Bernoulli trial P(X=1) = p where X=1
if the individuals have fatty liver, and the expectation value (p) was given by the following
equations (2) and (3). Alcohol consumption (g/day) (=0 if <30,=1 if =30) was also predicted

in the same manner using the equations (2) and (4).

p(V(t+D)) = 1/(1+exp(-Sc)) 2)
If V=FL (fatty liver), Sc = Cof+ Ci1f[FL(t)] + C2f [BMI(t)] + C3f[LDL/HDL(t)] 3)
If V=ALC (alcohol consumption), Sc = Coa + Cla [ALC(t)] + C2a [age(t)] 4)

Updates of BMI and LDL/HDL were conducted by the following equations (5) and (6).

[BMI(t+1)] = Cof+C1f [FL(t)] +C2f [BMI(t)] +C3f [LDL/HDL(t)] +& (5)
[LDL/HDL(t+1)] = Cof+C1f [FL(t)] +C2f [BMI(t)] +C3f [LDL/HDL(t)] +& (6)
where ¢ is the real number with N (0, SD?), SD: the standard deviation of the residuals

€ was incorporated in the equation to predict BMI or LDL/HDL in the next year step.

2.5 Statistical Analysis

All statistical analyses were performed using the software, “IBM SPSS Statistics 24”.
Quantitative data were expressed as mean values (+ standard deviation). The normality of
distribution of continuous variables was tested using the Shapiro-Wilk test. Multivariate
logistic (or linear) regressions were conducted depending on the properties of predicted
variables, binary or numerical. A two-tailed P value < 0.05 was regarded to be statistically

significant.

2.6 Ethics Statement
The study protocol was approved by the Ethics Committee of Hiroshima University, Japan.

The data utilized in this analysis were obtained from Fujikura Ltd. through opt-out procedure.

3. RESULTS

3.1 Predictor variables and their update rules

The possible predictor variables for NAFLD and their update rules were identified by
longitudinal multivariate regression analysis utilizing the data from the sample source. The
characteristics are shown in Table 1. The summary of the predictor variables for NAFLD and

their predictive equations are presented in Table 2.
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3.2 Projection and Validation

Projection was carried out for the validation cohort from 2012 to 2016 to describe the
trajectory of the prevalence of NAFLD as well as obesity, dyslipidemia and alcohol drinkers.
Each observed value virtually fell in the variance (=2SDs) of calculated value in the same

year step (Figure 3).

Table 1 Baseline Characteristics of Sample Source in 2012

Mean SD Positive (%)
Age 40.4 95 Age
BMI (kg/m?)* 23.6 35 less than 20 0.9
LDL-C (mg/dl) 122.3 29.6 20-30 15.8
HDL-C (mg/dl) 56.4 13.7 30-40 30.3
Triglyceride (mg/dl) 128.1 94.9 40-50 35.7
Hemoglobin Alc (%) 5.4 0.50 50-60 16.2
Systolic blood pressure (mmHg) 122.2 15.6 60 and over 1.1
Diastolic blood pressure (mmHg) 56.4 13.7  Diagnosis of fatty liver 27.9
Medication
Hypertension 9.0
Insulin Resistance 2.0
hype rlipide mia 4.4
Smoking 33.8
Alcohol consumption 342
(>30g/day)
Regular exercise 20.8
Shift-workers 43.3

Table 2 The Characteristics of regression models for predicted variables including coefficients* of predictor variables

Predictor Variables (t)

: H/L test
Predicted Regression| P value
Variables FL ALC LDL/HDL const.

(t+1)

FL 4.084 — 0.912 0.951 -3.489

Logistic

ALC — 3.652 — 0.022 -3.074 Logistic 0.75 —
-0.068 — 0.968 -0.036 -0.005 1.097 Linear 0.93
LDL/HDL — 0.004 0858 -0.001 0.264 Linear — 0.75

* Non-standardized coefficient (B) of the predictor variables in the regression models
FL: Fatty liver, ALC: Alcohol consumption

3.3 Baseline and Counterfactual Projections

The baseline characteristics of the initial cohort are shown in Table 3. NAFLD/fatty liver BMI

and LDL/HDL were projected for 40 years to describe the trajectory of the baseline prevalence

of NAFLD/fatty liver. Similarly, projections were conducted under the scenarios (a)-(e) to give

counterfactual prevalence of NAFLD/fatty liver. The comparison among the trajectories given
8



by the simulations revealed that the magnitude of the effectiveness was remarkably dependent
of the types of prevention measures. If all the population had normal BMIs and/or cholesterol
profiles, the prevalence of NAFLD simply decreased to 3% (aged 60-69 years) while the
baseline prevalence peaked at 20% (aged 35-44 years) before decreasing to 12% (aged 60-69
years). In contrast, the prevalence of fatty liver including NAFLD simply decreased to reach
a plateau of 8% (aged 30 years or over) while the baseline prevalence peaked at 32% (aged
45-54 years) before decreasing to 29% (aged 60-69 years) in the projection period. (Figure 4).

(1) NAFLD .- (2)Alcohol Drinkers
Fatty Liver of
(NAFLD + ALD) " R __i_fﬂ—¥~—f~;
— ‘ ——F‘-7i - Alcohol Consumption (g/day) =30
#oemee- Fee---- | SEEEEEE R 1
NAFLD
2012 2013 2014 2015 2016 (year) 0 2012 2013 2014 2015 2016 (year)
(3) Obesity ... (4) Dyslipidemia
-
T
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Figure 3: Projected Prevalence of the Validation Cohort:
(1) Fatty liver and NAFLD, (2) Alcohol drinkers, (3) Obesity and (4) Dyslipidemia

Table 3 Baseline Characteristics of the Initial cohort

Positive (%0) Mean SD

Diagnosis of fatty liver 12.3 * Age 26.8 2.3
Medication BMI (kg/m2)* 22.4 3.4
Hypertension 0.4 LDL-C (mg/dl) 107.4 276
Insulin Resistance 0.0 HDL-C (mg/dl) 572 118
hype rlipide mia 0.4 Triglyceride (mg/dl) 89.6 618
Smoking 21.3 Hemoglobin Alc (%) 51 0.3
Alcohol consumption (>30g/day) 24.0 Systolic blood pressure (mmHg) 1163 127
Regular exercise 23.4 Diastolic blood pressure (mmHg) 70.0 9.3

Shift-workers 29.3 * BMI (kg/m’) = (weight (kg)) / (height (m)) * 2

* estimated value




4. DISCUSSION

We constructed the microsimulation model in order to predict the outcome of the prevalence
of NAFLD for Japanese adult males. The model estimated the quantitative effectiveness of
reduction in the risks, elevated BMI and/or cholesterol, on incidence of NAFLD. Our model
conducted baseline and counterfactual projections for the prevalence of NAFLD and showed
a reduction in the risks of elevated BMI and/or LDL/HDL decreased the prevalence of NAFLD.

.7 (1) NAFLD %) (2) Fatty liver (NAFLD+ALD)
20 Py Baseline
B T A ) 30 | Ere Gl e )
/‘ > \xBa\sehne [ /\/ Scenarios
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Figure 4: Projected Prevalence of Initial Cohort: (1) NAFLD, (2) Fatty liver (NAFLD + ALD)

The NAFLD risk factors were classified by level of exposure. The cut-off value of BMI was
assumed to be 25kg/m? as is common in Japan [31]. That of alcohol consumption was 30g/day
for adult male [30]. Since it has been recognized that the onset of NAFLD was associated with
LDL and inversely associated with HDL [32,33], LDL/HDL was produced as one of the
NAFLD/fatty liver risk factors in our model. The cut-off value of LDL/HDL (=2.0) was set
because a previous study reported that the exposure of LDL/HDL equals to 2.0 or over

significantly leads to sclerosis in association with metabolic syndrome [34-36].

Longitudinal regression analysis clearly showed that BMI and LDL/HDL were significant
predictor variables. The evidence for this was consistent with the facts that elevated BMI
and/or cholesterol were the possible risk factors for NAFLD [32,33]. HbAlc was also reported
to be a possible risk factor for NAFLD [37], however, the results showed it had no additional

predictive power in our regressions and was dropped during model selection.

Since limited epidemiological findings were available to validate the prevalence of NAFLD/
fatty liver, all we could conduct was internal validation where simulated values were compared

with observed values of the data from the study population in 2012-2016.

The subjects with metabolic syndrome have received 6-month intervention of health education

under the current measures. It was reported that the intervention reduced BMIs of subjects
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with metabolic syndrome by -1.1+2.6 (kg/m?) and no significant increase in BMI was observed
for 6 months after the intervention [38]. Projection under scenario (e) showed the prevalence
of NAFLD and it peaked at 16% (aged 30-39 years) before decreasing to 9% (aged 60-69
years), while the baseline prevalence peaked at 20% (aged 35-44 years) before decreasing to
12% (aged 60-69 years). These results can be used to estimate the effectiveness of current
measures against metabolic syndrome in all Japanese adult males. Metabolic screening has
been conducted only 50% of the people aged 40 years or over, neither health education has
been conducted only 17% of the metabolic subjects as of 2016 [16]. Therefore, the

effectiveness of the current measures on prevention of NAFLD is probably very small.

Our simulation indicated that complete reduction in the risks of elevated BMI and/or
LDL/HDL decreased the prevalence of NAFLD and fatty liver to 3% and 8%, respectively in
40-year projection for the initial population aged 20-29 years. However, its effectiveness was

shown to be insignificant to eliminate NAFLD.

This result may partly be associated with the existence of lean NAFLD found in some of the
population, who had no risk of elevated BMI [39-41]. Further prevention strategies other than
obesity and/or dyslipidemia may be required. Moreover, further studies are required including
those focusing on medical care expenditure and population disease burden in order to

maximize total benefits.

5. LIMITATIONS

The NAFLD model was a closed model where no demographic ins and outs were allowed.

The diagnosis of fatty liver was available only for the population aged 30-69 years although
we need NAFLD information of the population aged 20-29 years to carry out further
simulations. Accordingly, presence or absence of fatty liver in the initial cohort aged 20-29
years was estimated by applying criteria obtained in the population aged 30-69 years.
Projection of NAFLD for the population aged 20-29 years might reduce accuracy. In contrast,
projection for NAFLD was not carried out after 70 years because it was suspected that

extrapolation cannot be applicable.

Our model was constructed using Japanese full-time workers data. The population comprised
of full-time workers may be slightly different in the epidemiology of NAFLD/fatty liver
compared with other populations comprised of those who work part-time or who are
unemployed. This is because the employment condition variations may cause the difference

in the prevalence of obesity and dyslipidemia [42]; further study is required comparing BMIs
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and cholesterol profiles of the study population with those of whole Japanese adult male.
Moreover, gender may also affect the cut-off values of alcohol consumption, BMI and/or
LDL/HDL as well as their predictive equations when this model is applied to other populations

[43-45]. In this case, external validation and modification of the model will be required.

Distinguishing NAFLD from ALD by alcohol consumption may be accompanied by a certain
inaccuracy due to the following reasons; (1) alcohol consumption was self-reported, (2)
validity of the cutoff value remains controversial [46,47], and (3) alcohol consumption in
individuals may possibly change in their course of life. For the last reason, elevated alcohol
consumption in the subjects with NAFLD may change the diagnosis of NAFLD into FLD and
vice versa. Therefore, the diagnosis of NAFLD by alcohol consumption is not always assured

to be consistent with the histological diagnosis

We admit that the method to distinguish NAFLD from ALD by alcohol consumption includes
some uncertainty. However, since cost-effective and noninvasive methods to accurately
distinguish NAFLD have not yet been established [48], the classification based on alcohol
consumption is a cost-effective and noninvasive method to determine NAFLD with a certain
level of significance. The emergence of innovative methods to provide accurate diagnosis of
NAFLD is expected in the future.

6. CONCLUSION

We have constructed a microsimulation model that predicts the outcome of the prevalence of
NAFLD for Japanese adult males and estimated the effectiveness of reduction in the risks,
elevated BMI and/or LDL/HDL, on incidence of NAFLD. Our model showed that a reduction
in the risks for NAFLD, elevated BMI and/or LDL/HDL, significantly decreased the
prevalence of NAFLD, however, its effectiveness was shown to be insufficient to eliminate
NAFLD. Further studies are required including those focusing on medical care expenditure

and population disease burden in order to maximize total benefits.

ACKNOWLEDGEMENT

This study was funded by a Grant-in-Aid for Scientific Research B (Grant Number 15H03339)
from the Ministry of Education, Culture, Sports, Science and Technology, Japan. The authors
have no financial relationships to disclose. The first and the last authors take complete

responsibility for the integrity of the data and the accuracy of the data analysis.

REFERENCES
[1] Marchesini G, et al. Nonalcoholic fatty liver, steatohepatitis, and the metabolic syndrome.
Hepatology. 2003; 37:917-923.

12



[2] Adams LA, Sanderson S, Lindor KD, Angulo P. The histological course of nonalcoholic
fatty liver disease: a longitudinal study of 103 patients with sequential liver biopsies. J.
Hepatol. 2005; 42: 132—-138.

[3] Farrell GC, et al., Nonalcoholic fatty liver disease: from steatosis to cirrhosis. Hepatology.
2006;43: S 99-S112.

[4] Younossi Z, et al., Global burden of NAFLD and NASH: trends, predictions, risk factors
and prevention, Nat Rev Gastroenterol Hepatol. 2018 ;15(1):11-20. doi:
10.1038/nrgastro.2017.109.

[5] Sanyal AJ; American Gastroenterogical Association. AGA technical review on
nonalcoholic fatty liver disease. Gastroenterology 2002; 123: 1705-1725.

[6] Bedogni, G. et al. Incidence and natural course of fatty liver in the general population: the
Dionysos study. Hepatology 46, 1387—1391 (2007).

[7] Amarapurkar DN, et al., How common is non-alcoholic fatty liver disease in the Asia-
Pacific region and are there local differences? J. Gastroenterol. Hepatol. 2007; 22: 788—793.

[8] Kojima S, et al., Increase in the prevalence of fatty liver in Japan over the past 12 years:
analysis of clinical background. J. Gastroenterol. 2003; 38: 954-961.

[9] Eguchi Y, et al., Prevalence and associated metabolic factors of nonalcoholic fatty liver
disease in the general population from 2009 to 2010 in Japan: a multicenter large retrospective
study. J. Gastroenterol. 2012; 47: 586-595.

[10] Hamaguchi, M. et al. The metabolic syndrome as a predictor of nonalcoholic fatty liver
disease. Ann. Intern. Med. 143, 722-728 (2005).

[11] Xiao J, et al., Therapeutic approaches to non-alcoholic fatty liver disease: past

achievements and future challenges, Hepatobiliary Pancreat Dis Int. 2013 Apr;12(2):125-35.

[12] Dowman JK, et al., Current therapeutic strategies in non-alcoholic fatty liver disease,
Diabetes Obes Metab. 2011 Aug;13(8):692-702.

[13] Chalasani N, et al., The diagnosis and management of non-alcoholic fatty liver disease:
Practice Guideline by the American Association for the Study of Liver Diseases, American
13



College of Gastroenterology, and the American Gastroenterological Association, Hepatology,
55(6):2005-23 2012

[14] Vilar-Gomez E., et al. Weight loss via lifestyle modification significantly reduces features
of nonalcoholic steatohepatitis. Gastroenterology. 149:367-378, 2015

[15] Thoma C., et al, Lifestyle interventions for the treatment of non-alcoholic fatty liver
disease in adults: a systematic review. J Hepatol, 56:255-266, 2012

[16] Ministry of Health, Labour and Welfare, Implementation status of specific health
examination -specified health guidance in fiscal 2014 (in Japanese)
http://www.mhlw.go.jp/bunya/shakaihosho/iryouseido01/info03_h26.html (accessed on Feb.
28, 2018)

[17] Fukawa T, et al., Health and long-term care expenditures of the elderly in Japan using a
micro-simulation model, The Japanese Journal of Social Security Policy, Vol.6, No.2 (Nov.
2007)

[18] Zabinski D, et al., Medical savings accounts: microsimulation results from a model with
adverse selection, Journal of Health Economics, Volume 18, Issue 2, April 1999, Pages 195-
218

[19] Whiteford HA, et al., Global burden of disease attributable to mental and substance use
disorders: findings from the Global Burden of Disease Study 2010, The Lancet, Volume 382,
Issue 9904, 9—-15 November 2013, Pages 1575-1586

[20] Vogelaar I, et al., How much can current interventions reduce colorectal cancer mortality
in the U.S.? Cancer. 2006; 107:1623-1633.

[21] Zauber AG, et al., Evaluating test strategies for colorectal cancer screening: a decision
analysis for the U.S. Preventive Services Task Force. Ann Intern Med. 2008 Nov
4;149(9):659-669.

[22] Lim SS, et al., Prevention of cardiovascular disease in high-risk individuals in low-
income and middle-income countries: health effects and costs, The Lancet Volume 370, Issue
9604, 15-21 December 2007, Pages 2054-2062

14


http://www.mhlw.go.jp/bunya/shakaihosho/iryouseido01/info03_h26.html

[23] Feigin VL, et al., Global and regional burden of stroke during 1990-2010: findings
from the Global Burden of Disease Study 2010, The Lancet, Volume 383, Issue 9913, 18-24
January 2014, Pages 245-255

[24] Willis M, et al., Validation of economic and health outcomes simulation model of type 2
diabetes mellitus (ECHO-T2DM), Journal of Medical Economics Volume 16, 2013 - Issue 8

[25] Webber L, et al., Modelling obesity trends and related diseases in Eastern Europe. Obes
Rev, 13, 744-51, 2012

[26] Pataky R, et al., Is prostate cancer screening cost-effective? A microsimulation model of
prostate-specific antigen-based screening for British Columbia, Canada, International Journal
of Cancer Volume 135, Issue 4, Version of Record online: 4 FEB 2014

[27] Vavrovsky A, et al., Estimating the incremental costs of home oxygen therapy for chronic
obstructive pulmonary disease (COPD) in Austria using a microsimulation approach
Pneumologie 2014; 68 - P309 doi:10.1055/5-0034-1367883

[28] Gustavsson A, et al., Economic evaluation of cholinesterase inhibitor therapy for
dementia: comparison of Alzheimer's disease and Dementia with Lewy bodies
INTERNATIONAL JOURNAL OF GERIATRIC PSYCHIATRY Int J Geriatr Psychiatry
2009; 24: 1072-1078. Published online 28 July 2009 in Wiley InterScience
(www.interscience.wiley.com) doi:10.1002/gps.2223

[29] Hamaguchi M, et al., The severity of ultrasonographic findings in nonalcoholic fatty liver
disease reflects the metabolic syndrome and visceral fat accumulation. Am J Gastroenterol,
102:2708-15, 2007

[30] Japanese Society of Gastroenterology. “Evidence-based Clinical Practice Guidelines for
Nonalcoholic Fatty Liver Disease/Nonalcoholic Steatohepatitis, 2014”

[31] Shiwaku K, et al., Overweight Japanese with body mass indexes of 23.0-24.9 have higher
risks for obesity-associated disorders: a comparison of Japanese and Mongolians, Int J Obes
Relat Metab Disord, 28(1), 152-8, 2004

[32] Min HK, et al., Increased Hepatic Synthesis and Dysregulation of Cholesterol Metabolism
Is Associated with the Severity of Nonalcoholic Fatty Liver Disease, Cell Metabolism Volume
15, Issue 5, 2 May 2012, Pages 665-674

15



[33] Fan JG, et al., What are the risk factors and settings for non-alcoholic fatty liver disease
in Asia-Pacific? J Gastroenterol Hepatol. 2007 Jun;22(6):794-800. Epub 2007 May 13.

[34] Samura I, et al., Characteristic Lipid Profiles of Acute Myocardial Infarction Patients with
Low LDL Cholesterol Levels: Case-control Study Comparing Such Patients with Subjects
Who Visited a Regional Health Check-up Facility as Controls, official journal of the Japanese
Society of Human Dry Dock, 24 (1), 129-136, 2009 (in Japanese)

[35] Enomoto M, et al., LDL-C/HDL-C Ratio Predicts Carotid Intima-Media Thickness
Progression Better Than HDL-C or LDL-C Alone, Journal of Lipids, Volume 2011, 2011
http://dx.doi.org/10.1155/2011/549137

[36] Nicholls S, et al., “Statins, high-density lipoprotein cholesterol, and regression of
coronary atherosclerosis,” Journal of the American Medical Association, 297 (5), 499-508,
2007.

[37] Bae JC, et al., Impact of Nonalcoholic Fatty Liver Disease on Insulin Resistance in
Relation to HbAlc Levels in Nondiabetic Subjects, The American Journal of Gastroenterology
volume 105, pages 2389-2395 (2010) doi:10.1038/ajg.2010.275

[38] Haruyama Y, et al., Changes in measurements related to metabolic syndrome among
individuals with National Health Insurance after specific health guidance. Japanese Journal of
Public Health, 59 (10), 731-742, 2012 (in Japanese)

[39] Youssef WI, et al., Steatohepatitis in obese individuals. Best Pract Res Clin Gastroenterol,
16:733-747, 2002

[40] Liu CJ. Prevalence and risk factors for non-alcoholic fatty liver disease in Asian people
who are not obese. J Gastroenterol Hepatol ,27, 1555-60, 2012

[41] Fukuda T, et al. The impact of non-alcoholic fatty liver disease on incident type 2 diabetes
mellitus in non-overweight individuals. Liver Int 36:275-83, 2016

[42] Lahteenkorva SS et al., The association of body mass index with social and economic
disadvantage in women and men. International Journal of Epidemiology, Volume 28, Issue 3,
1 June 1999, Pages 445-449 https://doi.org/10.1093/ije/28.3.445

[43] Yatsuji S, et al., Influence of age and gender in Japanese patients with non-alcoholic
16


http://dx.doi.org/10.1155/2011/549137
https://doi.org/10.1093/ije/28.3.445

steatohepatitis. Hepatol. Res. 2007; 37: 1034—1043.

[44] Hashimoto E, et al., Prevalence, gender, ethnic variations, and prognosis of NASH. J.
Gastroenterol. 2011; 46 (Suppl. 1): 63—69.

[45] Browning JD, et al., Prevalence of hepatic steatosis in an urban population in the United
States: impact of ethnicity. Hepatology 2004, 40. 1387-1395.

[46] Chalasani N, et al., The diagnosis and management of nonalcoholic fatty liver disease:
Practice guidance from the American Association for the Study of Liver Diseases, Hepatology.
2018 Jan;67(1):328-357. doi: 10.1002/hep.29367. Epub 2017 Sep 29.

[47] Watanabe S, et al., Evidence-based clinical practice guidelines for nonalcoholic fatty liver
disease/nonalcoholic steatohepatitis, J Gastroenterol. 2015 Apr;50(4):364-77.

doi: 10.1007/s00535-015-1050-7. Epub 2015 Feb 24.

[48] Bravo AA, et al., Liver Biopsy, N Engl J] Med 2001; 344:495-500

17



